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Learning Objectives

• Mampu menjelaskan apa itu sistem rekomendasi, termasuk jenis-jenisnya 
seperti collaborative filtering, content-based filtering, dan hybrid systems.

• Memahami algoritma-algoritma yang digunakan dalam sistem 
rekomendasi, seperti collaborative filtering algorithms, content-based 
algorithms, dan matrix factorization.

• Memahami bagaimana data pengguna diolah dan dianalisis untuk 
menghasilkan rekomendasi yang personal dan relevan.

• Memahami aplikasi sistem rekomendasi dalam berbagai industri seperti e-
commerce, streaming services, media sosial, dan lainnya.

• Learning Objective 5
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Recommendation System
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Pengenalan Sistem Rekomendasi

Machine Learning

Memahami keterhubungan (relationships) dan ketergantungan (depedencies) 

dalam suatu koleksi data adalah suatu aspek yang sangat penting dalam 

menganalisa koleksi data tersebut. Ketika tidak ada pendekatan pemodelan

(modelling approaches) yang mudah untuk melakukan hal tersebut, maka 

pendekatan data (data-driven approaches) melalui metode-metode cerdas 

machine learning menjadi solusi alternatif.
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Why Recommendation System Important?

We have now entered a data explosion 

era.

 

It is hard for a person to find useful 

information from vast amounts of data.

In many cases, users don't fully realize 

their own needs, or their demand is 

difficult to express in words.
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Definition of Recommendation System

Recommendation system is an application of 

information filtering. It studies the user‘s 

interests and preferences, and imply some 

rules to find the user’s personalized needs 

and actively and efficiently recommend 

information and content to users.
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Applications of Recommendation System

Tons of websites:

Youtube, Spotify, 

Netflix, Google, 

Ebay...
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Principle behind Recommendation System

▪ There are many different theories and algorithms behind recommendation 

system at current stage.

▪ Theories and algorithms are not independent.

▪ They are cooperating with each other to achieve the best results.
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Basic Idea: 
UserStatistic-based Recommendation

This is the simplest recommendation 

algorithm, it is simply based on the 

basic information of users in the 

system to find the relevance of the 

user, and then recommend other 

items which similar users like to the 

current user.
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Basic Idea:
Content-based Recommendation

• The most widely used
recommendation mechanism
in early recommendation
engine.

• Its core idea is based on the
metadata of recommended
items or content, discover the
relevance of an article or
content, and recommend
similar item to user
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Basic Idea:
Association Rule-based Recommendation

Associated product is not necessarily complementary
product:

The findings were that men between 30- 40 years in age, shopping 

between 5pm and 7pm on Fridays, who purchased diapers on behalf of 

their wives were most likely to also have beer in their carts.  This 

motivated the grocery store to move the beer isle  closer to the diaper 

isle and wiz-boom-bang, instant 35% increase in sales of both.
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Tipe Recommendation
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Matriks Faktorisasi
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CONCLUSION

Fill in .....................................................................
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THANK YOU!!
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